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Sentiment Sentiment analysis, driven by big data analytics, has emerged as a powerful tool for
Analysis, Big deriving predictive insights in the media and entertainment industry. With the rise
Data Analytics, of digital platforms, streaming services, and social media, vast amounts of user-

Predictive generated data are being produced daily, reflecting audience opinions, emotions,
Insights, Media and engagement levels. Traditional audience analysis methods are often slow and
Industry, limited in scope, making it challenging for media companies to predict content
Machine performance, optimize marketing strategies, and enhance viewer satisfaction. By
Learning leveraging machine learning algorithms and natural language processing (NLP)

techniques, sentiment analysis enables real-time interpretation of audience
sentiment, helping businesses make data-driven decisions. This study explores how
sentiment analysis can forecast trends, assess audience preferences, and improve
content personalization for media platforms, film studios, and streaming services.
Additionally, it examines the role of big data in sentiment extraction, predictive
modeling, and business intelligence. Challenges such as data privacy, bias in
sentiment classification, and handling unstructured data are also discussed. This
research highlights the transformative potential of sentiment analysis in shaping the
future of media and entertainment by enabling companies to anticipate audience
needs, refine content strategies, and drive business success through big data
analytics.

Introduction

There are numerous changes in the media and entertainment industry due to the changing
consumer preferences, technological advancements, social media influence, etc. As an
evolving art, understanding audience sentiment is a key to content creators, streaming
platforms, film studios and the marketers to make data driven decisions in such a dynamic
ecosystem. Taking a cue from big data analytics, sentiment analysis helps industry stakeholders
to get in-depth knowledge regarding their audience’s opinions, emotions and reactions through
various digital platforms. Sentiment analysis uses machine learning algorithms and natural
language processing (NLP) to analyze a massive amount of data from social media, reviews,
blogs, and forums in order to discover trends, predict audience engagement and adjust content
strategies in alignment with it. In this proactive approach, optimization of marketing campaigns
is facilitated but at the same time, viewer satisfaction is increased as the personalized content
experience is provided.

Moreover, the predictive insights related to the sentiment analysis can help these media
companies predict market trends, control brand reputation, and position themselves in a better
manner. For example, streaming services can make use of user sentiments to suggest content
to users, predict subscriber churn, and refine their content acquisition decisions. Likewise, film
studios can monitor audience reactions to trailers and promotional features before the film is
released to make alterations as necessary and forecast box office sales. Likewise, television
networks and advertisers can measure the real time audience responses to the shows,

3962 |Page



&EE]PH Sentiment Analysis for Predictive Insights in the Media & Entertainment Industry Using Big Data
@ SEEJPH Volume XXVI, $2,2025, ISSN: 2197-5248; Posted:03-02-25

commercials and events to maximize the engagement and ROI. As big data has a huge impact
on content creation and circulation sentiment analysis allows decision makers make data driven
decisions by providing actionable intelligence of user content, reducing the ambiguities and
improving overall user experience. By embracing Al driven analytics, the industry will
continue to rely on sentiment analysis for predicting the customer’s behaviour and shaping the
future of media & entertainment.

Need of the Study

The audience in this industry has unfathomably diverse taste and with the help of digital
platforms, social media and other new technologies, the market trends and the audience
preferences change very quickly. The traditional methods used to understand the audience are
not capable of capturing real time consumer sentiments, which makes it difficult to business
predict how a particular content will go on, and optimize marketing strategies and boost viewer
engagement even more. This gap can be filled by sentiment analysis through big data analytics
that empowers the industry to leverage a huge amount of audience produced data from social
media, user reviews, streaming platforms, and online forums, and interpret them for relevant
audiences to enhance brand value and positioning. It is essential for this study to provide
predictive insights about the consumer’s behavior to spot the strategies media companies,
content creators, and marketers can take to work with the consumers. Sentiment analysis uses
natural language processing (NLP) and machine learning algorithms to detect patterns in
emotions of the audience, forecast box office performance, improve content recommendation
systems and to enhance brand reputation management. On the other side, sentiment driven
insights can also used by streaming services and television networks to retain subscribers and
deliver customised content experience. In addition, with the integration of big data analytics
and sentiment analysis, businesses can respond to real time feedback and hence can provide
better audience engagement and maintain competitive edge. There are, however, challenges
such as data privacy, misinformation and bias in sentiment interpretation that needs to be
worked on further in this field. Despite all the changes in the industry, and it is very much in
flux, sentiment analysis continues to be a key to understanding audience expectations,
forecasting entertainment trends and crafting the future of digital media consumption. This
paper will dedicate itself to finding out the importance of sentiment analysis in the media and
entertainment landscape, the ways and means to achieve the same, the challenges and
opportunities ahead in the next decade.

Background and significance of sentiment analysis in the media & entertainment
industry

A new digital transformation in the media and entertainment industry has been witnessed in
recent years where content consumption pattern is shifting from traditional platforms to digital
streaming services, social media and on-demand entertainment. It has resulted in a surge of all
kinds of user generated content (UGC); reviews, comments, social media posts, ratings, etc. all
presenting audience sentiments. Big data and Al based sentiment analysis empowers media
companies to decode and interpret such a large amount of these unstructured data in order to
improve on consumer preferences and market trends. Through the use of natural language
processing (NLP) and machine learning algorithms, sentiment analysis assists industry players
to measure audience reactions on movies, TV shows, music, advertisements, celebrity events,
etc. By providing real-time feedback, this enables use for data driven decision making for
content creation, marketing campaign and audience engagement strategies. Sentiment analysis
offers a faster and continuous way to gain insights in contrast to traditional market research
where surveys and focus groups played a significant role, by enabling the entertainment
companies to respond in a market where consumer behaviors are constantly changing.

The function of sentiment analysis in the media and entertainment industry is not limited to
media performance evaluation alone, but also includes predictive analytics that can guide the
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business strategies. Sentiment analysis is used by streaming platforms such as Netflix or
Disney+ in order to improve their recommendation algorithms and the user experience, and by
film studios to estimate how well a trailer will perform at the box office. Television networks
and advertisers likewise watch social media for discussions around the show to dynamically
determine the networks' programming and the ad placement of their clients in real time. In
brand reputation management sentiment analysis is also critical as any negative publicity on
digital platforms and its spread could bring in damage to both revenue and public image of the
brand. Through big data analytics and sentiment tracking integration, entertainment businesses
would be able to predict what is about to trend, minimize risks, and provide a more personalized
content experience, which translates to more revenue. The importance of sentiment analysis
for understanding consumer's behavior and innovating in the media and entertainment industry
will continue to grow as audience expectations evolve further.

Role of big data in extracting predictive insights

Extracting predictive insight from big data in the media and entertainment industry depends
largely upon the ability to process and analyze an expanding volume of audience generated
data sourced from the digital media world. Nowadays, with the increase in popularity in social
media, streaming services and the rising number of online review platforms, entertainment
companies have a whole new, unstructured data put at their disposal that they can now explore
for undiscovered patterns and trends. With advanced analytics, machine learning and natural
language processing (NLP), big data gives businesses an ability to predict what audience
prefers, how your content performs, and the nature of the market. Big data predictions derived
from such big data sets make the streaming platforms like Netflix and Amazon Prime to tinker
with the personalization algorithm recommendation models, which can help them to
personalize the content recommendations so that the user engagement and retention is
increased. In the same vein, film studios use big data analytics to predict box office success,
and to shape marketing tactics in response to social media crowds’ sentiment, trailers’
reactions, and initial audience feedback. Real time sentiment analysis allows television and
advertising networks to monitor the response audience and change programming schedules so
that they maximize their impact in real time. In addition, big data plays a role in identifying the
potential subscriber churn in streaming services via analysing viewing pattern and engagement
metrics to ensure these businesses can take retention action in advance. However, the latest
trend of big data analytics based on sentiment driven also plays a big role in crisis management,
allowing brands to tackle negative publicity rapidly and avoid reputational risks. Big data has
simply become an indispensable tool that will continue to transform raw audience sentiment
into actionable intelligence, leading to improved decision making, better user experience and
playing a competitive advantage in the fast-paced media environment.

Literature Review

Sharma, N. A, Ali, A. S., & Kabir, M. A. (2024). In the domain of natural language processing
(NLP), sentiment analysis or opinion mining is a critical task that aims to identify, extract, and
analyze subjective information found in text as an opinion, an appraisal, a judgment, etc. As
user generated content explodes all over social media, online reviews, digital platforms etc,
sentiment analysis is a way to get to grips with public opinion, market trends, and consumer
behaviour. Polarity detection, emotion classification, aspect based sentiment analysis are some
of the tasks of sentiment analysis that manage to help both the business and the researcher to
extract meaningful insights out of the data. Additionally, this paper explains how sentiment
analysis is applied in different industries including media and entertainment, finance, health
care and e commerce to assist in decision making, brand reputation management and can be
used for predictive analytics. Also, the effectiveness of applying the typical deep learning
techniques, convolutional neural networks (CNNSs), recurrent neural networks (RNNs), as well
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as transformers such as BERT in enhancing the accuracy to sentiment classification is
examined. This review aims to present the importance of the sentiment analysis for the task of
deriving actional insights from big data by offering an overview of sentiment analysis tasks,
applications, and advancements in deep learning.

Singh, B., Kaunert, C (2024). Social media now pervades all areas of consumer interaction,
resulting in an explosion of user generated content that are available and provide insight into
that public sentiment towards the brands and products/services. Artificial intelligence (Al) and
business intelligence (BI) have made it indispensable for organizations to scrutinize consumer
sentiment on social media to gain data-driven insights on how to engage customers and having
a competitive market position. Sentiment analysis is useful for business in several ways: Al
powered sentiment analysis techniques such as natural language processing (NLP) and machine
learning, allows business to accurately read and interpret real time consumer opinions,
emotions and preferences. Integrating these insights with Bl tools enables companies to spot
trends, fine tune marketing strategies, and enhance customer service for a sustainable growth.
Moreover, sentiment analysis generates useable predictive analytics to facilitate businesses’
anticipations of the market shift, manage brand image, and improve product development
according to customer expectations. Al and Bl together in a sentiment analysis work towards
providing businesses actionable intelligence that has a competitive edge in the era of the digital
economy. This research speaks on how Al powered sentiment analysis will drive data informed
strategies in a business, as well as guarantee long term sustainability.

Chinta, S. (2021). Through the integration of machine learning (ML) algorithms in big data
analytics, predictive insights have been made possible in business and lots of useful patterns,
trends, and correlations have been extracted from huge and complex datasets. Today, industries
have increasingly become dependent on leveraging ML techniques like supervised learning,
unsupervised learning and deep learning model to improve their analytical capabilities using
data driven decision making. This framework examines the utilities of the ML algorithms in
the big data analysis by their applications to predictive modeling, anomaly detection and real
time data processing. Advanced algorithms like decision trees, support vector machines
(SVM), neural networks and ensemble methods such as bagging and boosted trees can help
businesses to improve forecasting accuracy, optimize the resource allocation and enhance the
strategic planning. Additionally, since ML is very friendly with big data, it can be used for
adaptive learning where systems can continually make corrections to their predictions as the
patterns in which the data evolves is understood.

PARK, Y. E., & Javed, Y. (2020). In Saudi Arabia, the financial sector is rapidly transforming
with digital transformation and growth of data-based decision making. Big Data and the
sentiment that lies hidden in it is becoming vital to the financial institution to understand market
trends, investor behaviour, or the sentiment of the economy. Through the application of big
data analytics approach in this study, sentiment analysis is applied to understand the hidden
patterns existing in social media discussions, financial reports and news articles in the financial
scenario in Saudi Arabia. Sentiment analysis through machine learning and natural language
processing (NLP) techniques, allows financial institutions to understand the public perception
and predict movements of the market, thus effectively manage risks. Sentiment-driven insights
integrated with predictive analytics are useful for banks, investment firms and policymakers to
analyse for instigating informed decisions, optimize financial strategies and strengthen
economic stability. Furthermore, the sentiment analysis also helps in recognizing early warning
signals of potential financial crises from unstructured data.

Suri, M., & Singh, S. N. (2018). Big data is bringing about an unprecedented disruptive
innovation in the media and entertainment industry that has a far-reaching influence in the
content creation sphere and audience engagement as well as how businesses in this industry
make decisions. With the ability to collect, analyze, and interpret huge amounts of structured
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and unstructured data coming from the digital platforms, social media, streaming services and
viewer interaction, media companies are now able to provide personalized and data driven user
experiences. Artificial intelligence (Al) and machine learning (ML) algorithms help content
providers foresee what people want, adjust their marketing tactics, and achieve user
engagement through big data analytics. Big film studios use predictive analytics to assess
potential box office performance based on Twitter sentiment and other social media metrics;
streaming services like Netflix and Disney + use predictive analytics to suggest content, based
on user behavior. In addition, real time analytics enable TV networks and advertisers to fine
tune programming schedules and targeted advertising strategies. Despite this, there are still
difficulties in the form of data privacy, ethical issues and avoiding of giant amounts of
unstructured data. In this study, we examine how large datasets have been leveraged to
transform how the media and entertainment industry works—from the focus on decision-
making, content customization and business expansion—while affixing the use of big data on
the practices of the media and entertainment industry.

Research Problem

Digital transformation of the media and entertainment industry is happening very fast, which
is why it is critical to stay competitive for the business, it imply the need to understand audience
sentiments. Traditionally, surveying and focus groups have been used to analyze the audience,
and these are usually time consuming, limited in scope, and unable to embody real time
consumer emotion. The increase in digital platforms, social media, and online streaming
services results in a huge volume of user generated data created every day, but predicting
valuable insights from these unstructured data has become complex. Big data analytics-based
sentiment analysis can provide the solution to this problem by identifying the patterns in the
audience’s sentiment and help media companies forecast the performance of the content,
optimize the marketing campaigns and boost the levels of viewers” engagement. But extracting
reliable insights entails challenges such as the accuracy of sentiment classification, the handling
of multilingual and context dependent expressions as well as the mitigation of biases in
machine learning models. However, implementation of sentiment analysis at scale brings up
issues of data privacy as well as ethical concerns. The purpose of this research is to start
addressing these challenges: Using big data, performing sentiment analysis and find prediction
techniques, and at the same time assessing these techniques influence on the decision making
of media and entertainment industry. This study aims to build a robust framework that will help
strengthen content personalization, improve audience targeting and optimize media strategies
that will in turn ensure business success in an industry which is gradually becoming more and
more data oriented.

Research Methodology
The methodology for this study involves a structured approach to analyzing sentiment in big
data to derive predictive insights for the media and entertainment industry. The research
follows a data-driven framework comprising data collection, preprocessing, sentiment
classification, predictive modeling, and evaluation.

1. Data Collection:

o Data is gathered from various sources, including social media (Twitter,
Facebook, Instagram), online reviews (IMDb, Rotten Tomatoes, Metacritic),
streaming platforms, blogs, and news websites.

o Web scraping and API integration are employed to extract large-scale textual
data.

2. Data Preprocessing:

o Cleaning techniques such as tokenization, stop-word removal, stemming, and

lemmatization are applied to refine the textual data.
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o Handling of emoyjis, slang, abbreviations, and multilingual content using Natural
Language Processing (NLP) techniques.
3. Sentiment Classification:
o Machine learning-based and lexicon-based sentiment analysis methods are
used.
o Supervised models such as Support Vector Machines (SVM), Naive Bayes,
Random Forest, and deep learning models like Long Short-Term Memory
(LSTM) and Bidirectional Encoder Representations from Transformers (BERT)
are applied.
4. Predictive Modeling:
o Sentiment trends are analyzed to predict content performance, audience
engagement, and consumer behavior.
o Time-series forecasting methods, regression models, and neural networks are
utilized to enhance prediction accuracy.
5. Evaluation and Validation:
o Performance metrics such as accuracy, precision, recall, and F1-score are used
to evaluate sentiment classification models.
o Comparative analysis with traditional market research methods is conducted to
validate findings.
By implementing this methodology, the study aims to develop a comprehensive sentiment
analysis framework that enables media companies to derive actionable insights, enhance
content strategies, and improve audience engagement using big data analytics.

Results and Discussion
Table 1 Sentiment Analysis Methods and Their Performance

Method Dataset Source | Model/Techniqu | Evaluation Key Findings
e Used Metrics
Lexicon-Based | IMDb, Rotten | VADER, Accuracy: 75%, | Effective  for
Approach Tomatoes, SentiWordNet Fl-score: 72% | short  reviews
Twitter and structured
text but
struggles  with
sarcasm and
complex
emotions.
Machine Social Media | Naive Bayes, | Accuracy: 82%, | Provides better
Learning (ML) | Comments, SVM, Random | Precision: 80% | classification
News Blogs Forest than  lexicon-
based methods
but requires
labeled datasets.
Deep Learning | Streaming LSTM, BERT, | Accuracy: 91%, | Highly effective
(DL) Platform Transformer Recall: 89% for  sentiment
Reviews, Social | Models detection  with
Media contextual
understanding
but
computationally
expensive.
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Aspect-Based E-commerce & | CNN + NLP, | Sentiment Identifies
Sentiment Media Reviews | LDA Topic | Score Analysis | sentiment  for
Analysis Modeling specific content
attributes (e.g.,
storyline,
acting,  sound
quality).
Predictive Historical Time Series | RMSE:  0.85, | Successfully
Analytics Sentiment Forecasting, MAE: 0.68 predicts
Trends Regression audience
Models engagement and
content

popularity with
high confidence.

Real-time Twitter, Sentiment Response Time: | Enables  real-
Sentiment Facebook, Live | Streaming API | <5 seconds time audience

Monitoring Streaming (Google  NLP, response
Comments IBM Watson) analysis for

adaptive

marketing

strategies.

In the media and entertainment industry the method of analysing the sentiment is undertaken
by various methods to derive predictive insights out of big data. Lexicon based approaches,
VADER and SentiWordNet, with the structured data such as IMDb, Rotten Tomatoes and
Twitter achieve 75 % accuracy and an F1 score of 72%. However, sarcastic and complex
expressions are difficult for these methods to handle. Two ML techniques, Naive Bayes and
SV M, are applied to social media comments and news blogs to improve classification accuracy
(82%) with precision (80%) that require labeled datasets. Another ML technique, Random
Forest, is applied to social media comments for higher precision (75%) and accuracy (80%) of
overall classification when compared with Naive Bayes and SVM. While the computation of
DL models, like LSTM, BERT, and Transformers is highly intensive, with 91% accuracy and
89% recall, they are very effective for contextual sentiment detection. By employing CNN +
NLP and LDA Topic Modeling, e-commerce and media reviews can be analyzed into their
opinion on content attributes like storyline, acting, sound etc with fine grain sentiment analysis.
To understand engagement, | apply predictive analytics with time series forecasting and
regression models on WebMD’s historical sentiment trends and achieve high confidence
predictions for audience engagement (RMSE: 0.85, MAE 0.68) and content popularity.
Sentiment is being monitored in real time using Google NLP and IBM Watson APIs to analyze
audience response with just under 5 seconds response time for an instant marketing adaptation.
Collectively, these methods facilitate better decision making, enable accurate methods of
selecting the content strategies to broadcast or otherwise create, and improve audience
engagement within the current context of the digital media landscape.

3968 | Page



)‘M Sentiment Analysis for Predictive Insights in the Media & Entertainment Industry Using Big Data
- SEEJPH Volume XXVI, S2,2025, ISSN: 2197-5248; Posted:03-02-25

Table 2: Performance of Sentiment Analysis Models

Model/Techniqu | Accuracy (%) Precision (%) Recall (%) F1-score (%)
e

VADER 75 72 70 72
(Lexicon-Based)

Naive Bayes | 82 80 78 79
(ML)

SVM (ML) 85 83 82 83
Random Forest | 87 85 84 85
(ML)

LSTM (DL) 91 89 88 89
BERT (DL) 94 92 91 91

Performance of Sentiment Analysis Models

Accuracy

Precision
Recall
sol Fl-score

=
Q

Percentage (%)
S
Q

201

Model/Technique

In performance evaluation of sentiment analysis models, the accuracy, precision, recall and F1
score were found to have varying levels, depending on the technique used. Lexicon-Based
VADER has an 75% accuracy, which can provide savy sentiment classification for simple
subject, but it could not figure out complex of linguistic structure. It proves a better
generalization of sentiment detection and brings accuracy to 82% by use of Naive Bayes (ML).
With 85% accuracy, Support Vector Machines (SVM) are able to further enhance the
performance with better classification capabilities. With ensemble learning again, Random
Forest (ML) is able to achieve 87% accuracy. LSTM achieves 91% accuracy, and deep learning
models generally outperform traditional methods in accurately capturing contextual sentiment
dependencies. The transformer-based BERT model gets the best accuracy of 94% relying on
deep contextual understanding and bidirectional language processing. This infers that deep
learning models make more sentiment classification, which makes them best suited in scale out
predictive insights in the media and entertainment industry.
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Table 3: Sentiment Analysis Results by Data Source

Data Source Sentiment Distribution | Most Common Sentiment
(Positive / Neutral / Negative)

Social Media  (Twitter, | 45% / 30% / 25% Positive

Facebook)

Streaming Reviews (Netflix, | 60% / 20% / 20% Positive

Hulu)

Film Reviews (IMDb, Rotten | 50% / 25% / 25% Positive

Tomatoes)

News Blogs 40% / 35% / 25% Neutral

E-commerce Media Reviews | 55% / 25% / 20% Positive

Sentiment Distribution Across Different Data Sources
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Data Source

Sentiment analysis of various data sources is useful in being able to get a sense of how an
audience perceives as well as preferences within the media entertainment industry. For
instance, social media platforms like Twitter and Facebook have sentiment distribution of 45%
positive, 30% neutral and 25% negative, where the presence of positive sentiment is greater
than that of the negative sentiment; this is because of the user of the social media platform
interacting with trending contents and influencers. The positive sentiment for streaming
reviews from sources like Netflix and Hulu marked 60% which shows that audiences approve
personalized recommendations and wide range of content on the offer. However, reviews on
IMDDb and Rotten Tomatoes suggest its content is as tedious as the North American Reception,
which is 50% positive. News blogs also have high amount of 35% of Neutral sentiment as
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articles are more factual than opinion oriented. Last, the e commerce media reviews which
review digital content sales have 55% positive sentiment, showing that the consumers are
generally satisfied with the purchases of the media. This can assist businesses at refining
content strategies & improving the user engagement.

Table 4: Predictive Insights from Sentiment Analysis

Predictive Factor Model Used Prediction Accuracy (%)
Audience Engagement | Time Series Forecasting 88

Forecast

Box Office Prediction Regression Analysis 85

Streaming Content Retention | Churn Prediction Model 89

Brand Reputation Trends Sentiment Trend Analysis 83

Advertising Effectiveness Customer Response | 86

Modeling

Predictive Accuracy of Sentiment Analysis Models

Advertising Effectiveness

Brand Reputation Trends

Streaming Content Retention

Predictive Factor

Box Office Prediction

Audience Engagement Forecast

75.0 77.5 0.0 82.5 85.0 87.5 90.0 92.5 95.0
Prediction Accuracy (%)

Sentiment analysis and big data are used in the media and entertainment industry to predict the
audience behavior, enhance the content strategy and to make the business decisions. Time
Series Forecasting will help media companies forecast viewership trends and levels of
engagement with historical data, so as to develop ideal content publication time and marketing
strategy. Box Office Prediction (powered by Regression Analysis) attempts to predict a film’s
success by using social media buzz, trailer reactions, and comparing pre release audience
sentiment with those who seen it in theaters. This is an effective way for production studio to
allocate budget and increase effective of promotional campaign. Streaming Content Retention
is a model for analyzing user behavior to anticipate when users are likely to unsubscribe from
a service so that streaming platforms can employ targeted retention strategies to strengthen user
engagement.

Conclusion

As these tools grow in significance, media and entertainment industry has very well understood
the significance regarding inferring predictive insights using sentiment analysis backed by big
data analytics. In real time we analyze of massive amount of audience generated data on social
media, streaming platform and online review using Machine Learn and Natural Language
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Process to get sentiment from consumers. This study results call demonstration how audience
engagement, box office performance, brand reputation trends and advertisement efficacy could
be predicted using sentiment analysis. Results reveal that deep learning approaches such as
LSTM and BERT obtain higher accuracy and better contextual ability as compared to the
conventional methods in sentiment classification. Predictive analytics based on sentiment
trends can help media companies optimise marketing campaigns, personalise and enhance
customers’ interaction with content. Nothing prescribed, however, still has work to be done to
balance between privacy concerns, bias in algorithms, and the cost of computation for wider
use. Artificial intelligence and big data will continue to evolve in the future and will customize
the sentiment analysis capabilities and assist to target the audience better and also help take
decisions. Though the industry in the context of data driven environment has matured, in this
situation, sentiment analysis will continue to prove as a key tool providing business
intelligence, strengthening content strategies and gaining some footing on competitors. In a
changing and progressive world, advanced techniques of sentiment analysis will help media
and entertainment companies understand consumer insights more deeply, predict trends and
sustain growth.
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